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https://www.riken.jp/research/labs/aip/generic_tech/tensor_learn/index.html

Trustworthy Machine Learning (715 #EIE O 75)

Deep learning has been developed to be the cornerstone of modern Al technology in
the past decade. Since deep neural networks (DNNs) model has powerful
expressiveness and capacity, the high-level representations and prediction function
can be learned with high performance given sufficient high-quality data. However,
DNNs are considered as a black-box system, which can only provide predictions but
lack of human-centered explanations. In addition, DNNs are vulnerable to
adversarial attacks with only tiny perturbations, which will lead to serious
consequences in applications where reliability and safety are extremely essential
such as autonomous vehicles or medical diagnosis. These issues destroy human
trust on Al system. In this talk, I will present an overview of trustworthy machine
learning and especially focus on two topics including interpretable machine
learning and adversarial machine learning.
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